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Al Pricing Transformation Generate Greater Financial Impact Than Do Other Al Transformations

Revenue benefit from an Al transformation

17%
L @ 29% > $100 million

49%

53% < $100 million

34%
16% None

Companies with Al initiatives Companies with Al initiatives
in areas other than pricing*  that are focused on pricing*

Source: BCG (2021), a survey conducted by the Massachusetts Institute of Technology and the BCG Henderson Institute.
Note: * Companies with more than USD 10 billion in revenue.

1/ https://www krungsri.com/th/plearn-plearn/credit-card-ai-generation
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Language Processing (NLP) waz Genetic Algorithms Geusiazananiinanaaniiiunumdrdnylunsimmaewianaes Al wasidnanmlunisljifgnamnasusine fialan

3/ https:/hbr.org/2023/11/a-step-by-step-guide-to-real-time-pricing

4/ https://www.bcg.com/publications/2021/ai-pricing-tranformations
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Machine learning provides predictions and prescriptions

Types of analytics (in order of increasing complexity)

Descriptive Predictive Prescriptive

X
o Describe what happened e Anticipate what will happen o Provide recommendations on what to do
o Employed heavily across all industries (inherently probabilistic) to achieve goals
e Employed in data-driven organizations e Employed heavily by leading data and
as a key source of insight internet companies

Focus of machine learning

Source: McKinsey & Company
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6/ IBM Institute for Business Value analysis, based on unpublished project data ﬂﬁﬂqﬁuﬁﬂwﬁéﬂd "Dynamic Pricing with Al Syncs Insurers with Market Realities."

7/ 1BM Institute for Business Value analysis based on secondary research mm’mﬁntﬂﬁlm "Dynamic Pricing with Al Syncs Insurers with Market Realities."
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9/ IBM Institute for Business Value analysis, based on unpublished project data mﬂ\ﬂuﬁﬂw’mm "Dynamic Pricing with Al Syncs Insurers with Market Realities."
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Source: Krungsri Research
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Banks should prioritize using advanced analytics (AA) and machine learning (ML) in decisions across the customer life cycle.

Customer life cycle

o G @)

Customer acquisition Credit decisioning Monitoring and Deepening relationships Smart servicing
collections

Hyperpersonalized

offers Credit qualification

Early-warning signals

Intelligent offers (e.g.,
next product to buy)

[ Servicing personas }

Probability of

[ )
|
{ )
{ )

Limit assessment Churn reduction

Customer retargeting Dynamic customer }

routing (channel, agent)

VAR-based customer

Pricing optimization o

recommendation

scoring engine

Agent—customer

Channel mapping mapping

Fraud prevention Fatigue rule engine

review and training

- J__J_J

Propensity-to-buy }

{ Channel propensity

)
} Real-time
)

[ Al-enabled agent }

Monthly customer- Credit-approval Average days past due, Deposit/AUM Net promoter score,
acquisition run rate turnaround time, % of nonperforming attrition rate,? cost of servicing
| applications approved assets products 6 per customer
| |
\ \ \
Key metrics

Source: McKinsey & Company
Note: 1) VAR is value at risk. 2) AUM is assets under management
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